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Abstract 
 

Introducing modern transmission technology, it is possible to transmit 

some human sensual theme (sound, video, and picture) with support of signal 

processing aspects. It is quite difficult to transmit aroma introducing signal 

processing effort. We attempt to contribute a short prototype, which create a 

virtual effect of essence in receiving section. This paper mainly focuses with a 

case study manner towards the prototype development in techno commercial 

features. The specific patent review in this field is added it’s important. In 

addition, art work representation to working model based approaches is 

presented chronologically with appropriate technical information. Developed 

prototype and image processing technology behind this project is presented. The 

involvement of several interdisciplinary facts is carried towards the 

ISSN (Print) 0973-8975 ISSN (Online) : 2454 -7190 



 

 

J.Mech.Cont.& Math. Sci., Vol.-13, No.-1, March (2018) Pages 67-83 

 

67 

 

development of this prototype. Overall, this paper presents a case study towards 

the performance of one challenging product based preliminary prototype 

generation. 
 

Keywords : Essence effect, Internet technology, Odour, Image, 

Prototype 

I. Introduction 

Media, music, text or data files with several features have been downloaded 

from the internet is easier nowadays with the development of modern science 

and technology. Processing of data with sampling, coding, decoding techniques 

are nowadays available with modernization of technologies. Though essence 

effect transmission through the internet of an object-incorporated image or 

media files are still in the dark because of its’ chemical reaction properties. 

Apparently, normal humans beings gather external information via the multiple 

senses including smell, sight, hearing, touch and taste enabling them to react 

properly to local circumstances. Accordingly, the conveyance of audio-visual 

information and its’ communication of the five senses has lately attracted much 

attention among researchers in the field of multimedia.  This paper contains an 

instigation on prototype developing of odour effect creation of a computerized 

image virtually through an internet technology based on emerging engineering 

trends. 

 

II. Short Patent Review and Advanced Technological Aspects 

A lot of research works are carried out by different scientists in odour effect 

creation domain. Some of the chemical engineering laboratories in our country 

also have shown their interests in this research domain. Still, ergonomics has not 

been carried out in this research. A wearable olfactory display with a position 

sensor has also been developed (S. Yokoyama et al., 2004) With Presenting the 

spatiality of olfaction in an outdoor environment by controlling the density of 

odour molecules. The olfactory information transmitting system consists of the 

display as mentioned above, a sensing system using three gas sensors, and a 

matching database. The user can endure a real sense of smell through the system 

by translating obtained olfactory information. AROMA (A. Bodnar et al., 2004) 

attempts towards the olfactory modality as a possible alternative to the auditory 

and visual modalities for messaging notification. Experimental investigations 

indicate that while the olfactory modality was less effective in delivering 

notifications than the other modalities, it had a less disruptive impact on user 

engagement in the primary task. A number of researchers have proposed the 

extension of an odour to image media such as movies. Okada et al. discovered the 

viewer’s mental situation by measuring the brainwaves and investigated the 

connection between the smell and the viewer’s reactions while watching (K. 

Okada, 2003). While a movie that supplements visual/audio information with 
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olfactory information has been created, it could not be widely distributed because 

the synthetic perfume did not correspond with the changing images and the odour 

was not deodorized. E One Co. Ltd. invented a method and device for exact 

diffusing of perfume those were provided to express digitalizing aromas about the 

sense of smell (E One Co. Ltd., 2000). Various fragrances can be produced by 

compositions of perfume and perfume transmitting and emitting through digital 

broadcasting, internet and informational electric home appliances can be possible. 

Lee Chum took an activity regarding odour effect creation using solenoid valves 

for opening perfume or odour vessels with specific signal frequencies 

correspondence (Lee Chum, 2001). 

III. Architectural Model Representations of Essence Effect Through 

Internet Technology Device (E2IT) 
 

 

Figure 1. Initial Artwork Model Representation of E2IT 

 

Work progress Flowchart has been described in fig. 2. A web based application 

with driver software attachment is created for smell effect feature of images. An 

e-image with that application is attached with sender mail account and it is sent 

through internet medium from the sender to receiver mail address. The receiver 

receives that image along with driver software application with accessing own 

mail account and downloaded all files and saved into storage drive. Receiver 

installs and opens the driver software and selects that image from respective 

storage drive location. The E2IT device is connected through USB cable with 

computer and power supply for odor effect. The ‘smell’ option becomes visible 

for selected image and the name of the image will be appeared while clicking that 

option. As well as the system checks the patterns of object of that image through 

image processing and also check the status of the device and send a signal to the 

device control box. The internal circuitry operates with receiving signal and smell 

emits from respective odor containers. 
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Figure 2. Flowchart Illustration towards Procedure of E2IT 

 

IV. Model Based Schematic ApproachandTechnology Behind E2IT 
 

The prototype model (Aruna Shekar, 2012) of the proposed device is 

designed with three sets of odours (Rose, Lavender & Lily) for basic virtual (Yap 

Hwa Jen et al., 2008) innovation initiative and it works like a charm. The prior art 

has primarily been focused on protecting contents and information in a computing 

platform. The hardware model is cost-effective and easy to the carriage in 

everywhere and it also creates an odorant relaxation environment with image 

visibility. Here, the first user (sender) sends a web-based application along with 

e-image from his/her mail account to the second user (receiver) through the 

internet. The image is downloaded by the second user from his/her mail account 

and is opened it by installing the driver software. The receiver chooses the 'smell' 

option for enabling the odour effect of the image. A background process has been 

run to match the new images of the object with the pre-saved images of objects. 

After matching with an appropriate image, the program instructs to the 

microcontroller of Arduino board. The microcontroller is instructed by the 

program and it activates corresponding gear motor based rack and pinion 

assembly. The essence comes out from the container with this mechanism and the 

receiver feels the proper odour of an object of that image. The scent of rose, for 

example, was accurately identified more often when presented along with the 

colour red – and ubjects’ ability to identify the scent significantly enhanced rating 

of its pleasantness. The working hardware model has been represented in fig.3. 
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Figure 3. Hardware Model Demonstration of E2IT with Computer Interfacing 

 

The pictorial view of the circuit diagram of E2IT is shown in underneath fig.4. 

Though the prototype has been implemented with three different odour 

containers, two L293D 16pin motor driven integrated circuits are used here for 

operating the rotation of three DC geared motors (45rpm). The three motors (M1, 

M2, and M3) are connected with two L293D ICs in this manner: 3, 6 pins for M1 

(IC1), 14, 11 pins for M2 (IC1) and 3, 6 pins for M3 (IC2). The 5v power supply 

that is required to operate the ICs is given from Arduino Uno board. The 12v 

power supply is needed in ICs to rotate the motors are connected to 12v-1A 

AC-DC adapter from the external source. The input pins of two ICs are connected 

with the digital ports (D2, D3, D4, D5, D6 and D7) of Arduino Board (D7-D6 for 

pin 2, 7 pins of IC1, D5-D4 for pin 15, 10 pins of IC1and D3-D2 for pin 2, 7 pins 

of IC2).  The ground pins (4, 5 pins for IC1 and IC2, 12, 13 pins for IC1) are 

commonly connected with the ground connection of connector. A switch is 

connected to the connector, and two LEDs are connected with 5v analogue input 

and digital output ports of Arduino board for checking the connections of central 

supply and USB interfacing from computer respectively. The microcontroller 

board is connected to the computer in serial connection through USB cable. At 

running condition, the microcontroller of Arduino has been instructed from the 

program that runs a computer and the motor rotates with a program. Program 

instructions written in software follows the delay time and the movement of racks 

in rack and pinion mechanisms. The device can be operated sophistically with 

more number of motors connected to this device with proper connections and 

mechanisms. 
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Figure 4. Circuit Diagram of E2IT 

 

The USB interfaced device is developed for emitting the odour of the object 

present in the image sent through the internet mail by someone. Image will be 

downloaded from user mail account and there mentioned an option to emit the 

essence of that image of the web-based application. The mechanical model 

representation of hardware implementation of one container (Rose) of E2IT as 

depicted in fig. The core head of dc geared motor is connected with the pinion 

(P1) and a rack (R1), arrange in perpendicular order, is kept at adjacent of a pinion 

(P1) and fitted with an aluminium angle for natural movement of the rack. The 

dimensions of these parts are mentioned in the figure. The displacement of the 

rack and pinion assembly depicted in fig.5 depends on the clockwise and 

anti-clockwise rotation core of the geared motor. The rack is pressed upon the 

container tip, and a delay of 5sec is used here for emitting the essence from the 

container. The other two containers are also placed in such arrangement, and 

motor driven IC takes the signal from Arduino Uno. 
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Figure 5. Mechanical Model Design Representation of E2IT 

 

The device has a printer alike activity regarding environment creation of essence 

effect of an object. A smell option is included in the software form like a print 

option is used for printing documentation. Some images of various flowers have 

created the database. The information and characteristics of images are also 

included in the software program. The image downloaded from internet matches 

different features with database images. Assume an image of the rose, taken from 

the internet is selected as an image for emitting essence. The software checks the 

length, size, pixel of the object of a rose image for proper shape and size 

identification. If any mismatch occurs, the software transforms the image into 

database image form. The edge of image defines the appropriate shape, and the 

colour identifies the image by checking proper knowledge base. After passing all 

steps, the matched one generates a code [01100001] for rose. The code sends to 

the microcontroller for further operation. In this way, the other essence emitters 

are worked for E2IT. 
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Figure 6. Software Framing 

 

V. Computer Vision Processing Towards E2IT 
 

          Computer vision software is a very powerful tool for image detection.  It 

describes the world that we see in one or more images and to reconstruct its 

properties, such as shape, illumination, and color distributions. In our invention 

the detection mainly focused on point features detection and matching technic. 

The features are detected independently in all the images under consideration and 

features are matched based on their local appearance (Richard Szeliski, 2010) 

V.a. Feature Detection 

In this area, each image is searched for particular locations that are expected to be 

matched efficiently with other images. Feature detectors are mainly concerned 

with identifying the good features to track. Large contrast (gradient) changes 

between the patches are easier to localize while straight line segments at a single 

alignment suffer from the aperture problem (Fig.7b) (B.K.P. Horn et al., 1981) 

patches having gradients in minimum two different orientation are easier to 

localize (Fig.7a).It can be expressed by looking at the simplest possible matching 

criterion for comparing two image patches, i.e., their (weighted) summed square 

difference, 

𝐸𝑊𝑆𝑆𝐷(𝑢) = ∑ 𝑤(𝑥𝑖𝑖 )[𝐼1(𝑥𝑖 + 𝑢) − 𝐼0(𝑥𝑖)]2         (1) 
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Figure 7. Aperture problems for different image patches: (a) stable (“corner-like”) 

flow; (b) classic aperture problem (barber-pole illusion); (c) texture less region. 

 

The two images I0 (upper one) and I1 (lower one) are overlaid. The vector ‘u’ 

indicates the displacement between the patch centers and the w (xi) weighting 

function (patch window) is shown as a dark circle, where I0 and I1 are the two 

images being compared, u = (u; v) is the displacement vector,w(x) is a spatially 

varying weighting (or window) function, and the summation ‘i’ is over all the 

pixels in the patch. When performing feature detection, we do not know which 

other image locations the feature will end up being matched against. Therefore, 

we can only compute how stable this metric is with respect to small variations in 

position ∆u by comparing an image patch against itself, which is known as an 

auto-correlation function or surface. 

 

𝐸𝐴𝐶(∆𝑢) = ∑ 𝑤(𝑥𝑖𝑖 )[𝐼0(𝑥𝑖 + ∆𝑢) − 𝐼0(𝑥𝑖)]2       (2) 

 

Using a Taylor Series expansion of the image function [I0(xi+∆u)≈ 

I0(xi)+rI0(xi)∇u] (Lucas and Kanade, 1981; Shi and Tomasi, 1994) we can 

approximate the auto-correlation surface as 

 𝐸𝐴𝐶(∆𝑢) = ∑ 𝑤(𝑥𝑖𝑖 )[𝐼0(𝑥𝑖 + ∆𝑢) − 𝐼0(𝑥𝑖)]2        (3) 

≈ ∑ 𝑤(𝑥𝑖)[𝐼0(𝑥𝑖) + ∇𝐼0(𝑥𝑖). ∆𝑢 − 𝐼0(𝑥𝑖)]2
𝑖       

 (4) 

 ∑ 𝑤(𝑥𝑖)[∇𝐼0(𝑥𝑖). ∆𝑢]2
𝑖              (5) 

 = ∆𝑢𝑇∆𝑢               (6) 

Where,∇𝐼0(𝑥𝑖) = (
𝜕𝐼0

𝜕𝑥
,

𝜕𝐼0

𝜕𝑦
) (𝑥𝑖)            (7) 

is the image gradient at (xi). This gradient can be computed using a variety of 

techniques (C. Schmid et al., 2000). The classic “Harris” detector uses a [-2 -1 0 1 

2] filter, but more modern variants (B. Triggs, 2004) convolve the image with 
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horizontal and vertical derivatives of a Gaussian (typically widthσ= 1).The 

auto-correlation matrix A can be written as 

A= w*[
𝐼𝑥

2 𝐼𝑥𝐼𝑦

𝐼𝑥𝐼𝑦 𝐼𝑌
2 ]                      (8) 

 

where we have replaced the weighted summations with discrete convolutions 

with the weighting kernel w. This matrix can be interpreted as a tensor 

(multiband) image, where the outer products of the gradients ‘∇I’ are convolved 

with a weighting function w to provide a per-pixel estimate of the local 

(quadratic) shape of the auto-correlation function.The inverse of the matrix A 

provides a lower bound on the uncertainty in the location of a matching patch 

(Anandan, 1984; 1989) and treated as a useful pointer of which patches can be 

unfailingly matched.The easiest way to visualize and reason about this 

uncertainty is to perform an eigenvalue analysis of the auto-correlation matrix A, 

which produces two eigenvalues (λ0; λ1) and two eigenvector directions (fig. 8). 

Since the larger uncertainty depends on the smaller eigenvalue,i.e.,λ0
−1/2 = 0 it 

makes sense to find maxima in the smaller eigenvalue to locate good features to 

track (J. Shi et al., 1994). 

 

 

 

 

 

 

 

 

 

 

Figure 8. Uncertainty ellipse corresponding to an eigenvalue analysis of the 

autocorrelation matrix A 

V.b.    Feature Descriptors 

At the feature description stage, each region around the point of interest is 

converted into a more compact and stable (invariant) descriptor employed to be 

matched against other descriptors.It is not easy to locate the exact feature points. 

Incremental motion refinement can lead to more accurate matching score but it is 

a time consuming process and suffering from performance degradation also(M. 

Brown et al. 2005) As most of the time the local appearance of features will 

change in orientation and scale and sometimes affine deformations also takes  
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Figure 9. a) Image Gradients b) Key point descriptor 

 

place it is recommendable to extract local scale,orientation or affine frame 

estimation and then using this parameter to resample the patch before forming the 

feature descriptor. Despite this measure the local appearance of image patches 

will generally differ from image to image. We are implementing Scale invariant 

feature transform (SIFT) to make image descriptors more invariant to such 

changes, while preserving discriminability between different 

(non-corresponding) patches.SIFT features are formed by computing the gradient 

at each pixel in a 16×16 window around the detected key-point, using the 

appropriate level of the Gaussian pyramid at which the keypoint was detected. 

The gradient magnitudes are down weighted by a Gaussian fall-off function in 

order to reduce the influence of gradients far from the center, as these are more 

affected by small misregistrations.In each 4 × 4 quadrant, a gradient orientation 

histogram is formed by (conceptually) adding the weighted gradient value to one 

of eight orientation histogram bins. To reduce the effects of location and 

dominant orientation misestimation, each of the original 256 weighted gradient 

magnitudes is softly added to 2 × 2×2 histogram bins using trilinear 

interpolation.The resulting 128 non-negative values form a raw version of the 

SIFT descriptor vector. 

 

Fig.9 represents the schematic representation of Lowe’s (2004) scale invariant 

feature transforms (SIFT): (a) Gradient orientations and magnitudes are computed 

at each pixel and weighted by a Gaussian fall-off function (blue circle). (b) A 

weighted gradient orientation histogram is then computed in each subregion, 

using trilinear interpolation. While this figure shows an 8 × 8pixel patch and a 2×2 

descriptor array, Lowe’s actual implementation uses 16 × 16 patches and a 4 × 4 

array of eight-bin histograms. 

V.c. Feature Matching 

This stage proficiently searches for likely matching candidates in other 

images.The extraction of features and feature descriptors from two or more 

images leads to the establishment of some preliminary feature matches between 

these images. Feature matching comprises of two steps. First one is the selection 

of the proper matching strategy.This step controls which correspondences are 
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eligible for further processing. The second step is to contrive efficient data 

structures and algorithms to perform this matching promptly. 

Matching strategy and error rate 

The selection of appropriate feature matches isdepending on the context in which 

the matching is being performed. The process involved in this invention assumed 

the feature descriptor so that Euclidean(vector magnitude) distance in the feature 

space can be implemented for ranking potential matches. If it is concluded that 

certain parameters (axes) in a descriptor are more reliable than others, it is usually 

preferable to re-scale these axes ahead of time, e.g., by determining how much 

they differ when equated against other known good matches (G. Hua et al., 2007). 

Given a Euclidean distance metric, the simplest matching strategy is to set a 

threshold (maximum distance) and to return all matches from other images within 

this threshold. Setting the threshold too high results in too many false positives, 

i.e., incorrect matches being returned. Setting the threshold too low results in too 

many false negatives, i.e., too many correct matches being missed (fig. 10). 

 

 

 

 

 

 

Figure 10. False positives and negatives 

 

The black digits 1 and 2 are features being matched against a database of features 

in other images. At the current threshold setting (the solid circles), the green 1 is a 

true positive (good match), the blue 1 is a false negative (failure to match), and the 

red 3 is a false positive (incorrect match). If we set the threshold higher (the 

dashed circles), the blue one becomes a true positive, but the brown four becomes 

an additional false positive. 

Table 1. Matching Table 

 

TPR = 0.90 

FPR = 0.05 

PPV = 0.82 

ACC = 0.94 
 

True Matches True Non-Matches  

TP = 18 FP = 4 P’ = 22 

FN = 2 TN = 76 N’ = 78 

P = 20 N = 0.05  Total = 100 
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The table represents the number of matches correctly and incorrectly estimated by 

a feature matching algorithm, showing the number of actual positives (TP), false 

positives (FP), false negatives (FN) and true negatives (TN). The columns sum up 

to the actual number of positives (P) and negatives (N), while the rows sum up to 

the predicted number of positives (P’) and negatives (N’). The values of the true 

positive rate (TPR), the false positive rate (FPR), the positive predictive value 

(PPV), and the accuracy (ACC) are depicted here. To enumerate the performance 

of matching algorithm at a particular threshold is done by counting the different 

matches and match failures described as (T. Fawcett, 2006): 

TP: true positives, i.e., number of correct matches; 

 FN: false negatives, matches that were not correctly detected; 

 FP: false positives, proposed matches that are incorrect; 

 TN: true negatives, non-matches that were correctly rejected. 

Table. 1 shows a sample confusion matrix (contingency table) containing such 

numbers.We can convert these numbers into unit rates by defining the following 

quantities: 

TPR =TP/ (TP+FN) = TP/P; 

FPR = FP/ (FP+TN) = FP/N; 

PPV = TP/ (TP+FP) =TP/P; 

ACC = (TP+TN)/(P+N); 
 

Figure 11. Positive and Negative Distribution 

 

The distribution of positives (matches) and negatives (non-matches) as a function 

of inter-feature distance d. As the threshold ϴ is increased, the number of true 

positives (TP) and false positives (FP) increases. The TPR and FPR numbers can 

assess any particular matching strategy (in a specific threshold or parameter 

setting); ideally, the true positive rate will be close to 1 and the false positive rate 

close to 0. By varying the matching threshold, a receiver operating characteristic 

(ROC curve) (Fig. 11a) is obtained. The closer this curve lies to the upper left 

corner, the larger the area under the curve (AUC), the better it's performance. 

Figure 4.23b shows how the number of matches can, and non-matches can be 
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plotted as a function of inter-feature distance d. These trajectories can then be 

used to plot a ROC curve. The ROC curve can also be used to compute the mean 

average precision, i.e. the average precision (PPV) as the threshold is varied to 

select the best result then the top two resulted. The fixed threshold is difficult to 

set; the useful range of thresholds can vary a lot as we move to different parts of 

the feature space (D. Lowe 2004; K. Mikolajczyk et al., 2005). Matching the 

nearest neighbour in feature space is superior. Since some features may have no 

matches (e.g., they may be part of background clutter in object recognition, or 

they may be occluded in the other image), a threshold is still used to diminish the 

number of false positives. Ideally, this threshold itself will acclimate to different 

regions of the feature space. It is sometimes possible to learn different thresholds 

for various features with sufficient training data(G. Hua et al. 2007).If  a 

collection of images is given to match, e.g., stitching images or constructing 3D 

models from unordered photo collections (M. Brown et al., 2007; 2003; N. 

Snavely et al. , 2006) a useful heuristic can be implemented  to compare the 

nearest neighbor distance to that of the second nearest neighbor, preferably taken 

from an image that is selected  to match the target (e.g. a different object in the 

database) (M. Brown and Lowe 2002). The nearest neighbour distance ratio is 

 

NNDR=
d1

d2
=

||DA − DB||

||DA − DC||
                      (9) 

 

where d1 and d2 are the adjacent and second nearest neighbour distances, DA is 

the target descriptor, and DB and DC are its closest two neighbours (Fig. 12). 

 

 

 

 

 

 

 

 

 

Figure 12. Fixed threshold, nearest neighbor, and nearest neighbor distance ratio 

matching 

 

At a fixed distance threshold (dashed circles), descriptor DA fails to match DB 

and DD incorrectly matches DC and DE. If we pick the nearest neighbor, DA 

correctly matches DB but DD incorrectly matches DC. Using nearest neighbor 

distance ratio (NNDR) matching, the small NNDR d1=d2 correctly matches DA 

with DB, and the large NNDR d1’=d2’ correctly rejects matches for DD. 
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Efficient matching 

The selection of matching strategy leads to search for the possible efficient 

matching. The comparison of all feature points against all other feature points 

between the probably matching images is the simplest way to determine all 

corresponding feature points but proved to be an impractical one as it is quadratic 

in the number of extracted features.The development of an indexing structure i.e. 

multidimensional search tree or hash table helps in rapid search for features near a 

given feature. This indexing structure can be a dedicated (if we are searching for 

each image) for each image or global for all the images in a given database known 

as faster in speed. In Multi-dimensional hashing at the matching time each new 

feature is hashed into a bucket then it searches   the nearby bucket for potential 

candidate which can be sorted or graded to detect the valid matches.A simple 

example of hashing is the Haar wavelets used by Brown, Szeliski, and Winder 

(2005) in their MOPS paper. During the matching structure construction, each 8 * 

8 scaled, oriented, and normalized MOPS patch is converted into a three-element 

index by performing sums over different quadrants of the patch. The resulting 

three values are normalized by their expected standard deviations and then 

mapped to the two (of b = 10) nearest 1D bins. The three-dimensional indices 

formed by concatenating the three quantized values are used to index the 23= 8 

bins where the feature is stored (added). At query time, only the primary (closest) 

indices are used, so only a single three-dimensional bin needs to be examined. 

The coefficients in the bin can then be used to select k approximate nearest 

neighbors for further processing (such as computing the NNDR).Locally sensitive 

hashing (A. Gionis et al., 1999) parameter-sensitive hashing(G. Shakhnarovich et 

al., 2003) are well known hashing. Recent development in this field converts 

high-dimensional descriptor vectors into binary codes that can be compared using 

Hamming distancesor that can accommodate arbitrary kernel functions (B. Kulis 

et al., 2009; M. Raginsky et al., 2009). 

V.d. Feature match verification and densification 

As some hypothetical matches appeared geometric alignment is implemented to 

determine the inliers and outlier’s matches. Random Sampling or RANSAC is the 

process of selecting a small set of seed matches and then verifying a larger set. If 

the initial set of correspondence is established, then additional matches can be 

identified along unipolar line or in the neighborhood of estimated locations based 

on the global transform. 

VI. Conclusions 
 

This piece of project work deals with the evolution of multimedia 

technology contributes a new path in the research work and development of 

digital scent technology. Recently for various developments mail service as an 

instant communication is playing a vital role. Through mail, not only the data also 
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various images, videos, sounds can be transferred. But till today ultra-modern 

scientific technologies are yet to transfer smell effects of images as well as 

objects. Today odour effect creation is a growing topic of interest among 

researchers. This work is also a novel research on odour effect creation of a 

computerized image and is duly supported by the institution with future aspects. 

This project has an extension of research work on digital odour technology that 

successfully deals with the evolution of smell via internet technology to the outer 

world. It will pave a new path in not only the future commercialization of 

innovative gadgets also used in various social medias and search engines; several 

events, videos, movies incorporated with foods, flowers and other objects full on 

pleasant and unpleasant essences; etc. making a positive social impact on 

humanity. 
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